IIpumepHasi TeMAaTHKA BBITYCKHBIX KBAJIM(PUKAIMOHHBIX padoT
10 HANIPABJIEHUIO NMOATOTOBKH
01.04.02 Ilpuxnaonas mamemamurxa u uHhopmamuxa,
MarucTepckast nporpamma « Anaiuz 60abuux OGHHbIX U MAUWUHHOE 00y4eHue
8 OKOHOMUKeE U PUHAHCAX»

1. ®uHaHCOBBIE PHIHKH M HHBECTHULINH

1) Onrtumuzanusi THBECTULIMOHHOTO MOPTdeEns ¢ MPUMEHEHUEM O0YUYEHUSs C
noakperieHueM (reinforcement learning)

2) Ilpumenenue  rTayOOKMX  HeHpoceTed  iE  MPOTHO3UPOBAHUS
BOJIATHJIBHOCTHU (DOHAOBBIX MHICKCOB

3) ABTomMaTuueckass ~ TeHepalMsi  HWHBECTULHMOHHBIX  CTpaTeruid  C
WCIIOJIb30BaHUEM SBOJIIOIIMOHHBIX aJlTOPUTMOB

4) IlpumeHnenune wmojenell TpaHCPOPMEPOB Uil ONPEACICHUS BIUSHUSA
HOBOCTHOTO (JOHA Ha LIEHbI aKIUK

5) IlporHo3upoBaHuE€ KypCOB KPUITOBAIIOT C MPUMEHEHUEM THOPUIHBIX
mozenen Ha ocHoBe ARIMA u Helipoceren

6) OOpaboTka BPEMEHHBIX PSJOB BBICOKOM YacTOTBl B  3ajayax
POTHO3UPOBaHUs (POHAOBOIO PHIHKA

2. baHkoBCKasi aHAJIMTHKA U KPeIUTOBAHME

7) Ilpumenenue wmetonoB explainable Al (XAl) nns wuHTepnperanuu
PEILIEHUN KPEAUTHBIX CKOPUHTOBBIX MOJIEJIEN

8) OmnpeneneHue KpEeAUTHOTO PHUCKA MalblX NPEANPUITANR C MOMOIIBIO
camooOyuenus (self-supervised learning)

9) Hcnonb3oBaHKE KJIACTEPHOTO aHAM3a AJIsl CETMEHTAlMU KINEHTOB

10) MogenupoBaHue TOBEACHUS  KJIMCHTOB B  OHJAWH-OaHKWHIE C
pUMEHEeHHEeM 00yueHus ¢ nojakperuieHueM (reinforcement learning)

11) BoisiBieHne aHOMalMii B TPAH3AKUMOHHBIX JAHHBIX C [OMOIIBIO
QITOPUTMOB MAILIMHHOTO O0Y4YEeHUS

12) MamuaHoe 00ydeHue B aHTU(POA-CUCTEMAX: CPABHEHHUE TPAIUIIMOHHBIX
U TUOPUJTHBIX MOJICIIeH

3. Makpo3KOHOMHUKA U MOJUTHKA

13) Onienka 3P EeKTUBHOCTH MeEp JCHEKHO-KPEIUTHOM TOJUTHUKH C
WCITIOJIb30BAaHUEM MTPUUYMHHOTO MAIIMHHOTO 00y4eHus (causal ML)

14) [Iporno3upoBanue ypoBHA HHQIISAINN C TPUMEHEHHEM Mojelei
MAaIIMHHOTO 00yueHus 1 aHanu3a TekctoB LlenTpanbHoro 0anka PO

15) AHanu3 BIUSHUS MaKpPOAIKOHOMHUYECKUX ITOKOB Ha (PMHAHCOBBIC PBIHKU
METOJaMHU KJIaCTEPU3ALMU BPEMEHHBIX PSAI0B

16) ITporHo3upoBaHue 1I€H Ha DSHEPTOHOCUTEIM C  HCIOJb30BAHUEM
MHOTOMOJIAJIbHBIX JAHHBIX U METOJIOB MAIIMHHOTO 00YyUYEHUSI

17) Ucnionb30BaHWEe METOJOB MHOTOKPUTEPUATBHOW ONTUMU3ALMH IS
MOJICJIUPOBAHUSI SKOHOMUYECKUX CTPATErHid

18) OGHapy>KeHre HEIMHEWHBIX 3aBUCUMOCTEN B 9KOHOMETPUUECKUX MOJEIISIX
¢ nmoMo1b kernel-metonos



4.ESG («3KkojiorHsi, CONHMAJIBHAS TOJHUTHKA M KOPIOPATHBHOE
yIIpaBJIeHHE»), YCTOMYMBOe pa3BuTue u 3tuka MU

19) Ucnionp3oBanne wmomened riayOokoro oOydenmst st aHamuza ESG-
(haKTOpPOB Ha OCHOBE TEKCTOBBIX JIAHHBIX

20) OTuueckue © PETyISTOPHBIE ACMEKThl MPUMEHEHHUS HMCKYCCTBEHHOTO
UHTEIJICKTa B (UHAHCOBOM CEKTOpe: Mmaremarthyeckas (opmanuzanus u
CLICHAPHBIN aHAIN3

S. Hudposbie IBOUHUKH, CHMYJIANUN U CUCTEMHbIH aHAJIN3

21) PazpaboTka uudpoBoro ABoiHNKA (DUHAHCOBOTO YUPEKICHHS HA OCHOBE
CUMYJISIIIMOHHBIX MojieNiel u big data

22) AHanu3 yCTOWYMBOCTHM (PUHAHCOBBIX PBIHKOB C HCIOJIb30BAaHUEM
KOMILIEKCHBIX CETEBBIX MOJIEIIEH

23) [Ipumenenue rpadoBbIX HEUPOHHBIX CeTEH B aHANM3E (DUHAHCOBBIX CETEH
Y BBISBJICHUU CUCTEMHBIX PUCKOB

6. [loBenenyeckue (PMHAHCHI, TEKCTHI U PEKOMEHIAIUN

24) Pa3zpaboTka cuCTEMbl PEKOMEHJATEIbHBIX CEPBUCOB IS (PMHAHCOBBIX
MPOJTYKTOB HA OCHOBE MOBEJICHUECKUX TAHHBIX KIIMEHTOB

25) ®eneparuBHOE 00yuyeHME B 3aavyax (PMHAHCOBOTO IPOTHO3UPOBAHMS:
BO3MOXXHOCTH M OTpaHUYECHUS

26) KpayaCOpCHUHT M aHaau3 COIMAJIbHBIX CEeTed KaK MCTOYHUK JAHHBIX IS
OLICHKH PBIHOYHBIX HACTPOEHUN

27) Ilporao3upoBaHue MOTPEOUTEILCKOTO CIIPOCa B PUTEHIIE ¢ IPUMEHCHHEM
LSTM 1 BHEUIHUX MAaKpPOSKOHOMHYECKUX UHIUKATOPOB

28) UnenTuduxaius nHCAM1€PCKON TOPTOBIIH C UCIIOIH30BAHUEM AJITOPUTMOB
JIETEKTUPOBAHUSI aHOMAJIUI

29) O1ieHKU PHIHOYHOW YyBCTBUTEIHLHOCTH (DMHAHCOBBIX AKTUBOB HAa OCHOBE
aHaJM3a TEKCTOB HOBOCTEW M KOPIIOPATUBHOM OTYETHOCTH

30) Ucnonib30BaHKe BU3YaJU3allUd JIAHHBIX B TMPUHSITUU WHBECTHUIIMOHHBIX
penieHuii: aHanu3 3pGHEeKTUBHOCTH COBPEMEHHBIX BI-MHCTpyMEHTOB

7. AHAJIMTHKA M MallIMHHOE 00yUeHHe B YNIPABJIEHUH NPeANPUSITUAMHA

31) [IporHo3upoBanue  cmpoca Ha  OPOAYKUUIO  NPEANnpusitas ¢
MCIIOJIb30BaHUEM MAIIMHHOTO OOYUYEHHUS M CE30HHBIX MATTEPHOB

32) OnTumuzaius TPOU3BOJCTBEHHOTO TUIAHUPOBAHUS C TMPUMEHEHUEM
oOydenwus ¢ mogkperuieHueM (reinforcement learning)

33) IlporHo3upoBaHre OTTOKa KJIWEHTOB B2B-koMmmanuii ¢ mOMOIIBIO
MoOIeNIel MallTuHHOTO O0yYECHHUSI

34)Ouenka d(PPEeKTUBHOCTH MaAPKETUHTOBBIX KaMIaHWW Ha OCHOBE
MYJIBTUMOJIATTFHBIX JAHHBIX (MPOJaKU, BEO-aKTUBHOCTH, OT3bIBBI)

35) [IpumeneHrne METO0B MAIIMHHOTO OOYYEHHUS B aHAIHM3E€ JIOTUCTUYCCKUX
IETOYEK U CHIDKEHUU 3aTpat

36) MonenupoBaHue (bHUHAHCOBBIX MOTOKOB MIPOU3BOJICTBEHHOTO
NPEANPUATHS C UCTIOB30BAHUEM ITU(POBOTO JTBOMHHUKA

37) BolsiBlieHHE CKPBITBIX 3aKOHOMEPHOCTEHN B CTPYKTYPE 3aTpaT MPeIpUsITHS
C IOMOIIIBIO KJIIACTEPHOTO aHAIU3a



38) IlocTpoeHue cucTeMbl AMHAMUYECKOTO ILI€HOOOpAa30BaHMsI Ha OCHOBE
aHanKM3a OOJBIINX JAHHBIX U OBEACHUS NOTPEOUTENEH

39) [IpornosupoBanue nAePEKTOB NPOAYKIMH C TOMOIIBIO MAITHHHOTO
oOyuenus u [oT-maHHBIX C MPOU3BOICTBEHHON TUHUH

40) AHanu3 TPOU3BOJACTBEHHOW H(PPEKTUBHOCTH C TMpUMEeHeHueM Data
Envelopment Analysis (DEA) u ML-moneneit

JlanHast mpuMepHasi TEeMaTHKa BBIMYCKHBIX KBaNU(UKAIUOHHBIX paboT
ABIIIETCS OpUEHTHUPOBOUHOM. [Ipm HeoOxoaumocTu B Hee B pabodeM MOpsIKe
3aBeIyIOIINM Kaeapbl U pyKOBOIUTEISIMH BbITYCKHON KBATH(DPUKAITMOHHBIX paboOT
MOTYT OBITh BHECEHBI JIOIOJHEHUs, U3MEHEHHUs, yTouHeHus. [Ipu 3tom kadenpa
MO>KET 0Ka3aTh BBIITYCKHHUKY TOMOIIb B BBIOOPE M YTOUHEHNUHU TEMBI €TI0 BBIITY CKHOM
KBAIM(PUKALMOHHOMN paboThl U3 npuMepHoit TemaTtrku TeM BKP nnm o6ocHoBannmn
HOBOU TE€MbI, HE YKa3aHHOU B JaHHOM nepedHe. OOydaromuicss MOXKeT NPeI0KHUTh
CBOIO TEMY pabOTHI, IPEICTABUB OOOCHOBAHUE 1EIECO00PA3HOCTHU €€ pa3pabOTKH.



